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INTRODUCTION 

ABSTRACT 
The information all over the globe is in diverse format and it is specified in three aspects namely 

rmuctured, instructed and semi-structured. Data mining is only feasible for structured data and not for 
nstructured and semi-structured. Mining of such heterogeneous, complex and huge amount of data is 
reating challenges day by day in the field of data mining. The paper entitles towards the text mining 
hases such as text transformation, text pre- processing. filtration and stemming. The paper also aimed 
oNards the high frequency viral infective diseases textual online news from various newspapers and 
rocessing it for better information retrieval. The research is aligned on various stemming techniques 
and their comparison. 

nsurance, etc. 

Keywords: Text mining, Stemming, Viral Diseases, Data Mining, Text Pre-Processing. 

The information over the globe and 
nternet ear is in various forms namely graphs, 

email, scripts, blogs, audio-video, reports, etc. To 
Cake such heterogeneous and large information and 
enerating patterns through the same is complex is 
ne of the significant task in the information 
mining era. There are various applications of 
nformation., data, text mining some of them are 
I, social media, online video/audio streaming 
channels, education, medical, banking and 

Healthcare text mining and information 
elrieval is one of the vital challenge to extract the 
Chowledge from the medical domain; it includes 
natural language processing (NLP), the diverse 
Oms of data and information, text refining, 

summarization, identifying the patterns form 
niormation, knowledge discovery, complexity. 
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data dimensions, identifying the relationships 
between the healthcare data, longitudinal data 
and many more. Therefore the present study is 
focused towards the better text mining and 
knowledge discovery for effective and efficient 
decision making system for healthcare sector. 

The present study focused towards text 
mining of healthcare digital news available on the 
news archival of various websites. The researcher 
has aimed to text mine the commnon viral 
infectious diseases information. 

The text mining is used to get the 
necessary data from large amount of data and 
generate the various patterns out of them; the 
phases included in the text mining are as 
represented in the following figure no. 1. 

B-LINGUAL INTERNATIONAL RESEARCH JOURNAL 
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DiscoverN 

Figure No.1. Health Care Text Mining 

Theoretical Framework (Source: designed by 
Researcher) 

The above figure no.l.Describes the 
healthcare text mining conceptual framework 
designed by the researcher for knowledge 
discovery in healthcaredomain the steps included 
in this process are Text Transformation, Text Pre 
Processing Data Mining on Processed 

Data/Information and Knowledge Discovery consequently. 
A. Text Transformationis used to deal with the transformationof unstructured data to structured data to achieve efficient 

information retrieval from unstructured data. Then the second phase text pre processing is carried out where the textual document is transformed 
document. This step includes information 

to XML 

filtration, text tokenization, and removal of stop words as well as performing stemming on the same. Into this step the entire step all special characters are removed from the text as well as the document is concerted to lower case which is necessary step for pre-processing. B. The present study pre-processes the text of 
viral infective diseases news information which is available in unstructured format. The news is split into various parameters 
of natural language processing namely 
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tokenization w significant role for assoCiation and effective information 
represented in following figure n 
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Figure 2: Tokenization of Diseases No 

C. Filtration of textual data plays Signi 
role to eliminate the less significant a 
as irrelevant words/tokens from the 
this technique is also called as stop 
removal. (The various stop works ar 

the, true, false, why, when 
etc.).This step is important which e 
that the study can focus only on sigp 
and necessary words to achieve 

stemming, association mining, 

knowledge generation. 

Particuars 

16 

Table 1: Tokenization and Stop word remoral 

D. The result generated through stop 

removal and tokenization is 
representa 

the following table no.1 : 

Number of tokens Generated 

Source: Compiled by researcher 

No. of Stop Words Rernored 

the 

college 

No. of Single Character W'ords 
Total Tokens remained for 

further Processing 

Coutl 

60,50 

2895 

1685 

30,320 

BI-LINGUAL INTERNATIONAL 
RESEARCH -



Therefore 
above table no.1.total tokens 

ANeTMCd 
are 

60,800, total 28,595 are stop words, 

3S 
are 

single 
characters; from total tokens the 

and single 

30,520 

stop Word 

character words are reduced 

significant 

aISIdered for further processing. 

Hence it has 

spprOXimate 
47.03 % w words are irrelevant and 

17 % are single character words which are not 

Tokenization 

S0% 

been 

for the present study. Therefore it has 

kpicted that 
approximate 49.80 % tokens/words 

ue 
Significant for the further study. 

Therefore, it has been concluded that 50 % 

okens are irrelevant and 50 % are relevant for 

Ociation mining, stemming, and knowledge 

Also it outcomes the effective and 
discovery. 
icient information retrieval from unstructured 

data information represented as shown in the 

ollowing graph nÍ. 1. 

ML. STEMMING 

Graph no. 1: Filtered tokens and stop word 

39% 

tokens/words 

resulted that, 

removal 

47°6 

41 January to March 2021 

No. of Stop Words 
Removed 

No. of Single 
Character Words 

Total tokens 
remained for further 
Processing 

iNing, data mining, information retrieval for 
Stemming plays vital role in NLP, text 

performing test pre-processing. Stemming is used 
tonvert the word to itoriginal root word. For 

the suffix stripping of words and 

SHODH SANCHAR BULLETIN 107 

example if the word computer will stemmed as 
Compute, comput, Compu , ctc. Therc are 10 
stemming techniques fragmented into statistical 
stemming, truncating stemming and mixed 
stemming techniques. It is represented in thc 
following figure no. 3. 

Figure No.3. Stemming Techniques Algorithms 

Stemming 
Algorithms 

Truncating 

Statistical 

Mixed 

Porter 

Lorins 

Paice Husk 

Dawson 

NGram 

HMM 

I'ASS 

Infectioral & 
Derivational 

Corpus 
Based 

Context 
Sensitive 

Krovetz 

Xerox 

IV, IMPLEMENATION OF STEMMING 

TECHNIQUES ONVIRAL DISEASES 

ONLINENEWS 

towards the The study focused 

of truncating and missed 
implementation 
stemming algorithms for prefix and suffix striping. 

The Lovins, porters, Korvetz, and Paice/Husk 

are considered to implement stemming algorithms 
on most frequently occurring viral infective 

diseases specifically Influenza Flu, Swine Flu, 

Diarrhea and HIV, Dengue and Chikungunya. As 

shown in the following figure no.4. 
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Figure No.4: Stemming of Viral diseases tokens 
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Table 2: Correct and incorrect stemming 

FAL SE 1ssu 
FALSE prepar 
FALSE eget 

FALSE bacteri 
FALSE a dmiss 

IRUEsaturdai 
FALSE mom 

FALSE express 

|12598 

o of Corect Stemming 66.65 44.53 41.28 
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|17922 

55.47 58.72 

The stemming of diseases news results in the form of correct and incorrect stemming as represented in the following table no.2. 

Source: Compiled by researcher 

Correct Lovins Correctt 

Stemmin |Incorrect Husk 
Stemmin Incorre 

Incorre g 

TRUE pun 

TRUE 

65.82 

TRUE old 

FALSE boy 
TRUE 

34.18 

FALSE 
FALSE battl 

TRUE 

Paice Husk Krovetz 

TRUE 

TRUE 

|10432 

20088 

FALSE issu 
FALSE prepar 
FALSE Teges 

FALSE bacter 
FALSE a dmis 

FALSE saturda 
FALSE mom 

|TRUE 

year 

EALSE vius 

The table no. 2 results correct and incorrect stems of as 

Porters stem outcomes 24341 correct and 10179 are incorrect stem out of 30520 tokens. 

|lost 

13590 correct stems while as 16930 are incorrect stemsresulted 
stemming technique. in the Lovins 

di 

du 
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Graph no. 2: Porters, Lovins, PaiceHusk Korvetz Stemming Techniques compur analysis 

16930 

Paice/Husk occasioned 12598 and 17922 incorrect stems and 
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saturdav TRUE 

Korvetz has results 20088 correct as 10432 incorrect stems 
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L PORTERS, STEMMING 

The 
above table and graph no 2 depicts the 

comparative 
analysis of correct and incorrect 

stemming. It results 

pertorms better stemming as compares to others as 

%65% correct stemming, 

There are many researchers working on 
efficiency and 

improving 

that porters stemming 

the 

pittalls as: 

stemming 

correctness as the porters stemming has some 

There are 60 rules and five steps for suffix 

stripping. 

. It has over-stemming and under-stemming 

demerit. 

. It does not generate the correct stemns many 

times. 

Due to the same it gives irelevant 
information retrieval and changes the 

proper or root meaning of the word. 

VL FUTUER SCOPE 

The comparative study of selected 

stemming represents the pitfalls of porters 
stemming technique and creates new opportunity 
for modification or invention of new advanced 
stemming for effective correct stemming. Text 
Mining a better stemming consequences nto 
enhanced NLP, information retrieval and 
Knowledge discovery and association mining and future forecasting. 

Hence the present study envisioned the designing of new stemming algorithm to curb the 
pitfalls of exiting techniques of porters stemming. 

VIL. CONCLUSION 

The ample amount of online healthcare information and data is increasing day by day all over the globe in heterogeneous form. The research was conducted on information/ text mining of viral infective diseases news from news archival form Internet. The text mining and text Vol.11 Issue 41 January to March 2021 

processing was conducted and selected stemming 
techniques specifically Lovins, Paice/Husk., 
Porters, Korvetz are applied on the selected 
dataset. It results in correct and incorrect 

stemming and concludes that the porters stemming 
performs better stemming as compare to others. 
There is need to improve the efficiency and 
maximum correct stems it has given rises for 

further improvements and better natural language 
processing. 
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